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1. Summary

Data is the currency of digital transformation. Having available data that is understood, organized, and
believable strengthens all major corporate initiatives. However, maintaining this basic resource is a
growing challenge for most organizations because sources and volumes of interesting data are
expanding rapidly. The cloud and the proliferation of SaaS companies has contributed to the data
explosion. While the possibilities of the cloud and its many applications can quickly grow the
capabilities of an organization, the data spread it creates can lead to problems such as decentralized
data leading to inaccurate findings, or wasted time spent rebuilding pipelines instead of driving results.

Without robust automation, an organization’s data movement needs can quickly outpace the ability of a
data engineering staff to meet that need.

Given growing workloads and a lack of data engineering resources, automation and ease of use are
fundamentally important. Data pipelines are one aspect of the modern data stack that can be
automated to solve for this growing challenge.

In this report, we compare the three major data pipeline platforms: Matillion, Stitch, and Fivetran; and
run them through a series of selected tests that highlight their degree of automation, ease of setup,
and documentation. We evaluated aspects that include the time and effort required to set up a source-
destination connection, the degree of automation throughout the process, and the quality of
documentation to support the effort. These areas address the three major “humps of work” we have
encountered in our field work with data pipelines.

Of the three offerings, Fivetran had the shortest and easiest setup. Matillion Data Loader produced the
longest setup, with the most steps. Matillion also had some steps that were poorly documented. Stitch
ranked between Fivetran and Matillion Data Loader in our assessment, but it had the longest-running
individual task (selecting which Salesforce entities to sync).

Fivetran handled the data source changes with full automation, while Matillion Data Loader presented
the biggest automation challenge. Not only did the new data/altered columns not appear automatically
in Matillion, but the pipeline had to be rebuilt. Stitch likewise required manual intervention to work with
new data/altered columns.

Fivetran had the most thorough documentation across all the items we measured. Stitch also had good
documentation, with only a few items either omitted or left short. Matillion Data Loader’s
documentation describing the data of the source data connector for Salesforce was nearly completely
missing.

Another observation: We found the level of loading and updating activity in Snowflake caused by the
Matillion solution to be excessive compared to Stitch and Fivetran. Data pipelines like these are well
worth exploring for any enterprise data integration effort, especially where your source and target are
supported.
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2. Data Pipeline Platforms

At first glance it may be difficult to distinguish among these products. They are all Extract, Load,
Transform (ELT) solutions, and they are all cloud-based, cloud-native, with a visual authoring
environment and a host of source and target connectors. In our field test, we provide more color to
these products in specific and the data pipeline market in general.

Matillion

The Matillion products that work together for the data pipeline solution are Matillion ELT and Matillion
Data Loader. It comes with a visual authoring environment and fully leverages ELT by keenly utilizing
the newly-minted power of the cloud database platforms to which it serves data. Matillion leverages
the massively parallel processing (MPP)-based bulk load capabilities of the target by decoupling the
load from the transform steps. In this report, we tested only Matillion Data Loader, because the scope
of the report tested as-is bulk data movements. Matillion has connectors for over 70 well-cultivated
data sources and supports Redshift, BigQuery, and Snowflake targets.

Stitch

Stitch, owned by Talend, is a data pipeline product with a high number of connectors (90-plus), with
many of these being community supported. Like the other products in this field test, Stitch allows you
to focus on data analysis instead of a prolonged build phase. Stitch connects to many Software as a
Service (SaaS) applications and is both relatively easy to use and quick to provision compared to prior
generations of data integration.

Fivetran

Fivetran takes an expansive view of quick provisioning and productivity. Automation and ease of use
are prevalent in Fivetran across all functions. The solution boasts more than 150 connectors, and
supports modern destinations such as Databricks, BigQuery, Snowflake, Redshift, Azure SQL Data
Warehouse, and more. Its built-in schema change detection and propagation saves time and ensures
the long-term accuracy of its low-maintenance pipelines while also supporting the automation of many
non-native connections.
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3. Field Test Setup

The field test was designed to assess the capabilities, features, ease-of-use, and documentation of the
three data pipeline platforms. These are the four major items we find are critical to having success with
data pipelines. Of course, testing of this nature is very challenging. We strove to eliminate as much
subjectivity as possible from the test plan, methodology, and measurement. However, we concede that
different test configurations can favor one vendor over another by the design of the test itself. Our
testing demonstrates a narrow slice of potential configurations and scenarios.

GigaOm partnered with Fivetran, the sponsor of this report, to select competitive platforms that offer
comparable features and capabilities to address organizations’ data pipeline use cases. GigaOm
selected the test scenario, methodology, and configuration of the environments.

We leave the issue of the fairness of the report for the reader to determine. We strongly encourage
you, as the reader, to look past marketing messages and discern for yourself what is of value. We hope
this report is informative and helpful in uncovering some of the challenges and nuances involved in
platform selection.

The parameters used to replicate this benchmark are provided throughout this document. We have
provided enough information in the report for anyone to reproduce this test. We encourage you to
compile your own representative use case and test compatible configurations applicable to your
requirements.

Test Scenario

For the data pipeline platforms, we selected a simple and straightforward, but very common, use case
for our testing. The scenario involves using each of the three data pipeline tools to initially lift and
continually feed fluidly changing source data from a popular cloud-based customer relationship
management (CRM) software tool and load it into a popular cloud-based data warehouse platform. In
this case, we chose Salesforce as the CRM data source, and Snowflake as the data warehouse
destination.

Salesforce represents a broad spectrum of similar use cases because it has both a conventional
relational database and an API access layer. It also is used widely as a fully-managed cloud offering.
Thus, it was a good candidate to represent the real-world scenario we tested. In the same vein,
Snowflake is a popular, fully-managed cloud, columnar data warehousing platform. Of course, not all
organizations will have these same technologies in place, but Salesforce and Snowflake technologies
are representative of a broad use case.

Test Environment

The field test consisted of Salesforce CRM: Enterprise Edition as a source system. For the test, we
generated test data from 10,000 Accounts, 50,000 Contacts, and 50,000 Leads. The data was
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randomly generated and loaded into the Salesforce system using its Bulk Data Import utility.

For the destination, we created three separate databases, three schemas, and three users—one for
each platform—within the Snowflake environment.

We then signed up for free trials of each of the competitive platforms—Fivetran, Stitch, and Matillion
Data Loader. Each platform offers a limited-time, but fully featured, offering of their product. At the time
of this report, Matillion does not offer a free trial of Matillion ELT. However, our test did not include any
data transformations, only bulk data movement as-is.

We then followed the documentation of each data pipeline tool to configure the environment, set up
the source connection, set up the destination connection, and begin syncing data from the source to
the destination. Again, we did not perform any transformations to the data.

Figure 1. Field Test Environment

Test Methodology

The Field Test consisted of three separate tests:

1. Setup Test
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2. Automation Test

3. Documentation Test

Test 1: Setup

The setup test measures the amount of effort or task complexity involved in setting up a source
integration and a target destination from end to end and start to sync. It also measures the
thoroughness in the documentation for each step in the process. The test has four measures:

1. Source Setup Effort – This measure is a combination of the number of tasks or steps and the length
of time required to complete each task. The fewer number of tasks and the shorter the total amount
of time required for all tasks, the higher the score.

2. Source Setup Documentation – Each task’s documentation on each platform’s public website is
assessed into the following categories (from best to worst):
1. Fully documented – All actions required to complete the step are accounted for and clearly

described in the documents.

2. Partially documented – All actions required to complete the step are accounted for, but some
details are omitted.

3. External reference – Actions are accounted for, but the user must visit another web page or site
to complete the task.

4. Missing – Some or all actions required are missing from the documents.

3. Destination Setup Effort – This measure is a combination of the number of tasks or steps and the
length of time required to complete each task. The fewer number of tasks and the shorter the total
amount of time for all tasks, the higher the score.

4. Destination Setup Documentation – Each task’s documentation on each platform’s public website is
assessed into the following categories (from best to worst):

◦ Fully documented – All actions required to complete the step are accounted for and clearly
described in the documents.

◦ Partially documented – All actions required to complete the step are accounted for, but some
details are omitted.

◦ External reference – Actions are accounted for, but the user must visit another web page or site
to complete the task.

◦ Missing – Some or all actions required are missing from the documents.
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Test 2: Automation

The automation test measures the amount of effort required and the level of automation applied when
changes are made to the source data model. The effort is assessed into the following categories (from
best to worst):

• Fully automated – Changes are captured into new columns (and old data is preserved) without any
action or effort on the part of the user.

• Manual – Changes must be identified and added to the sync integration by the user.

• Rebuild – The sync integration must be rebuilt from scratch.

The Automation test has our measures. They are:

1. Capture New Column – A new column is added to an existing entity in the source system.

2. Capture Renamed Column – An existing column is altered and renamed in an existing entity in the
source system.

3. Capture Altered Column Data Type – An existing column’s data type is altered in an existing entity
in the source system.
1. Retain Old Column After Alter/Rename – After the Rename/Alter in 2b and 2c, the destination

column of the previous name/type is retained in its original form as syncing is performed on the
new column.

4. Capture New Table – A new entity table is added in the source system.

Test 3: Documentation

The documentation test measures the comprehensiveness of the documentation covering both source
and destination schema design, naming conventions, and load behavior. Products are graded across
four categories (from best to worst):

• Fully documented – Schemas and entities are accounted for and clearly described in the
documents.

• Partially documented – Schemas and entities are accounted for, but some details are omitted.

• External reference – Schemas and entities are accounted for, but the user must visit another web
page or site to see them.

• Missing – Schemas and entities are missing from the documentation web site.

The Documentation test has four measures. They are:
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1. Source/Destination Table Relations – An entity-relationship diagram showing the relationship
between key tables in the Source and Destination tables

2. Entity Table List – A list of all entity tables that get synced by the connector

3. Data Source Usage – Specific information on the method and frequency with which the source
system is accessed (such as API calls and any quotas that run the risk of being exceeded)

4. Connector Load Behavior – Information regarding changed naming conventions or other table
import behavior

Test Scoring

The tests were scored on a scale from 1 to 5, where 5 is the highest (best), and 1 is the lowest score. All
the scores were then averaged across all three tests, and results are shown within a rubric in the Field
Test Results section of this document.

Setup Effort Scoring (Tests 1a and 1c)

To score tests 1a and 1c to measure setup effort, we measured the amount of time it took to complete
each step when we followed each platform’s documentation. We also realize that as data practitioners,
our professional experience with testing and data integration may introduce bias into measurements of
the amount of time required. More novice users might take more time than we do, yet even more
experienced or specialized data integration professionals may be able to complete the steps faster
than we can. Thus, we developed a relative effort scale using T-shirt sizes—extra-small (XS), small (S),
medium (M), large (L), and extra-large (XL). Depending on your experience, the actual time it takes may
vary.

Thus, we assigned every task we completed a T-shirt size, and then we converted those to continuous
integer values from 1-5, where an XS was a 1, and an XL task was a 5. We added those values for all
the steps required to complete the overall setup and divided by the number of tasks to get an average,
which we then rounded to the nearest integer. We then used the following scoring matrix of the total
number of steps and the average task size of each step to arrive at the final score.
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Table 1. Setup Effort Scoring Matrix

Automation Tests (All of Test 2)

For all of Test 2, we used the following scores to assess the level of automation achieved by each
platform according to the test methodology above.

• Fully automated – 5

• Manual – 3

• Rebuild – 1

Data Pipeline Platform Comparison v1.0 10



Documentation Scoring (Tests 1b, 1d, and All of Test 3):

For Tests 1b and 1d, we gave each step/component the following scores and the results were totaled
and averaged. For all of Test 3, we assigned one of these scores to each measure.

• Fully documented – 5

• Partially documented – 3

• External reference or missing – 1
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4. Field Test Results

The following section reveals and discusses the results we found when conducting the field test
according to the methodology described above. Again, results may vary across different configurations
and test scenarios. You are encouraged to compile your own representative use case and test
compatible configurations applicable to your requirements. The following results are only a slice of
potential outcomes.

Test 1: Setup Test Results

We set up each data pipeline platform according to its documentation. We recorded the time it took for
each step and noted the level and completeness of the documentation in describing how to perform
each step.

The following workflow diagram outlines what we uncovered.

Figure 2. Setup Test Workflows

The workflow diagram shows nodes that represent a single distinct step in the process. The size of
each step, or the duration of time it took to complete, is represented by both the width of the node and
the T-shirt size we assigned. Thus, the number of nodes and the length of the workflow demonstrate
the ease of setup. Fewer nodes and shorter tasks are indicative of a simple setup. Also, dark-colored
nodes represent tasks that were well documented—meaning everything we need to do to complete
the step was clearly outlined in the documentation. A lighter-colored node was a poorly documented
step, for which essential information needed to complete the step was either omitted or referenced to
an external vendor’s website. Sending the user to Snowflake’s website for instructions on how to
create a new schema is one example of the latter. These poorly documented steps also added to the
time it took to complete the step because we (the user) had to decipher for ourselves how to fill in the
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blanks.

As you can see, Fivetran has the shortest and easiest set up time with only 4 XS tasks that were all well
documented.

Matillion Data Loader had the longest set up with the most steps. Also, Matillion had some steps that
were poorly documented.

Overall, Stitch came out between Fivetran and Matillion Data Loader, but it had the longest-running
individual task—selecting which Salesforce entities to sync. All entities were turned “off” by default,
and we had to scroll and select each desired one, as well as verify which columns to sync. That task
alone took us over 20 minutes to complete.

Test 2: Automation Test Results

After completing the initial setup and sync of data, we made changes to the source data model (added
new columns, altered existing columns, etc.) as outlined in the test methodology. To report our results,
we constructed another workflow diagram that shows either automation or the effort required to
complete manual configuration needed for the data pipeline tool to pick up and start syncing the data
source changes.

Figure 3. Automation Test Workflows

Workflows represented above have the same characteristics as in the previous diagram, in terms of the
width of each task and the level of documentation required to complete tasks.

Data Pipeline Platform Comparison v1.0 13



Fivetran handled the data source changes with full automation. As the user, we had to do nothing to
intervene or tell Fivetran to begin sourcing the changes that ranged from updated data to schema
changes. The new data/altered columns appeared automatically in our destination data warehouse.

Matillion Data Loader presented the biggest automation challenge, because not only did the new data/
altered columns not appear automatically, but the pipeline had to be rebuilt. This was also confirmed
by the Matillion question and answer webpage as a missing feature (dated March 24, 2020):

Q: Is it possible to edit the settings of a pipeline other than the refresh time and notification options? A:
We hope to make this possible in a future release. But for now, you can create a new pipeline with new
columns and tables, and just delete or disable the old one. 1

Stitch also required manual intervention to work with new data/altered columns. In the case of a new
table or a new column in a previously non-synced table, the pipeline has to be manually altered. The
new entity/column added to the pipeline definition. In the event an altered column is in an already
synced table, it may be necessary to reset Stitch’s Replication Keys. Doing so deletes the data from the
destination tables in the warehouse and forces a full re-replication of data. This could have cost
impacts, particularly for large tables. Finally, if a new column is added to an already synced table, it was
automatically brought over with Stitch.

In terms of automatic configuration and "hands off" experience, only Fivetran has a fully automated
data pipeline. Both Matillion and Stitch required some sort of manual intervention or effort whenever a
change in the source system occurred.

Test 3: Documentation Test Results

The results of our documentation test are best summarized in the rubric below. However, a few
comments should be noted.

Fivetran had the most thorough documentation across all the items we measured, which helps the user
understand source set up and contextual source information. Stitch also had good documentation, with
only a few items either omitted or left short. Matillion Data Loader’s documentation describing the data
of the source data connector for Salesforce was nearly completely missing. Also, the reader should
note that these patterns of documentation for source connectors extend beyond just their respective
Salesforce connectors (at the time of the report, of course).

Scoring Rubric

The following table reveals the complete set of scores we attained during our field test of these data
pipeline platforms.
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Table 2. Scoring Rubric Results

In our field test, Fivetran scored highest with a 4.8. Stitch was second with a 3.5 aggregate score while
Matillion Data Loader was third with a 1.9 score.
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Again, we understand there is a degree of subjectivity with these scores. We gave our best effort to
minimize this issue and focused on specific, measurable attributes to help our readers understand
each of these three cloud data pipeline platform’s strengths and weaknesses in terms of ease of setup/
use, automation, and documentation.

Please note that all three platforms passed the data integrity check. That is, all the data we asked them
to sync was fully synced to our destination warehouse. This would be a major problem had a platform
failed this check.

Comments on Sync Behavior

While not an actual measurement in our field test, we thought it would be useful to our readers to
describe what we learned about each of these three data pipeline tool’s syncing behavior. We were
interested to know how long it took to perform the initial sync of data and how many queries were run.
The reasons have cost implications. Our source system, Salesforce, has a different version or release
levels (Professional, Enterprise, Unlimited, etc.) Some of these levels have daily API quotas or a
maximum number of API calls that can be made in a day. Each of the three data pipeline tool’s
Salesforce connectors use the Salesforce API, so the fewer calls it makes, the less likely the data
pipeline tool is to exceed your Salesforce daily API quota. To increase your Salesforce API quota costs
money, of course.

The following chart shows the number of queries executed by each data pipeline on Snowflake during
the initial sync of Salesforce data. Note, however, not every query represents an API call to
Salesforce—only a small percentage of them do. Still, it shows the level of activity between Salesforce
and Snowflake caused by the data pipeline tool.
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Figure 4. Number of Queries Executed During the Initial Sync of Salesforce Data

Additionally, each platform executed a variety of queries against Snowflake during the initial sync of
Salesforce data. The following diagram shows the volume and variety of the different query types. As
you can see, Fivetran executed the fewest different types of queries. Stitch executed the widest variety.
Matillion executed an average variety of queries--it just executed a lot of them.
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Figure 5.Variety of Queries Executed During the Initial Sync of Salesforce Data

Our destination data warehouse, Snowflake, charges for the elapsed time it runs. Thus, if the data
pipeline tools run more queries or take longer to sync the same amount of data, that will potentially
increase your Snowflake costs.

The following chart shows the number of Snowflake credits used by each platform to sync the initial
Salesforce data set of 10,000 Accounts, 50,000 Contacts, and 50,000 Leads, plus all the ancillary data
that comes with Salesforce.

During our test, Fivetran ran the fewest number of queries and used the fewest number of Snowflake
credits compared to Matillion or Stitch.
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Figure 6. Snowflake Credits Used to Sync Initial Salesforce Data

Snowflake credits are then multiplied by a dollar amount. This often amounts to $2.00, $3.00, or $4.00
per credit (depending on the type of Snowflake account you have). While these were not expensive
syncs, you can see how the sync activity will add up over time.

Again, these are not “official” results of our Field Test, and will vary widely depending on your data and
use case. However, as a baseline observation, we found these observations compelling enough to
share.

1
https://www.matillion.com/resources/blog/matillion-data-loader-12-questions-answers/
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5. Conclusion

In our test, Fivetran had the shortest and easiest setup. Matillion Data Loader had the longest setup
with the most steps. Also, Matillion had some steps that were poorly documented. Stitch was in
between Fivetran and Matillion Data Loader, but it had the longest-running individual task when
selecting which Salesforce entities to sync.

Fivetran handled the data source changes with full automation. Matillion Data Loader presented the
biggest automation challenge, because not only did the new data/altered columns not appear
automatically, but the pipeline had to be rebuilt. Stitch also had manual interventions that need to take
place in the event of new data/altered columns.

Fivetran had the most thorough documentation across all the items we measured. Stitch also had good
documentation, with only a few items either omitted or left short. Matillion Data Loader’s
documentation describing the data of the source data connector for Salesforce was nearly completely
missing.

The level of activity between Salesforce and Snowflake caused by Matillion was excessive compared
to both Stitch and Fivetran.

These tests are important because while our testing shows just one source to one destination, there
will be a multiplier effect depending on how many connections your company requires.

Automated data integration is well worth exploring for any enterprise data integration need, especially
where your source and target are supported.
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6. Disclaimer

This test is a point-in-time check into specific attributes of these tools. There are numerous other
factors to consider in the selection process, ranging across Administration, Integration, Workload
Management, User Interface, Scalability, Vendor, Reliability, and numerous other criteria. It is also our
experience that product characteristics change over time and are competitively different for different
workloads. Also, a leader can run up against the point of diminishing returns and viable contenders can
quickly close the gap.

GigaOm runs all of its comparison tests according to strict ethical standards. The results of the report
are the objective results of the application of queries to the simulations described in the report. The
report clearly defines the selected criteria and process used to establish the field test. The report also
clearly states the data set sizes, the platforms, the configurations, etc. used. The reader is left to
determine for themselves how to qualify the information for their individual needs. The report does not
make any claim regarding the third-party certification and presents the objective results received from
the application of the process to the criteria as described in the report. The report strictly measures the
attributes indicated and does not purport to evaluate other factors that potential customers may find
relevant when making a purchase decision.

This is a sponsored report. Fivetran chose the competitors, the test, and the Fivetran configuration.
GigaOm chose the most compatible configurations for the other tested platform and ran the testing
workloads. Choosing compatible configurations is subject to judgment calls. We have attempted to
describe our decisions in this paper.
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7. About Fivetran

Fivetran, the leader in automated data integration, delivers ready-to-use connectors that automatically
adapt as schemas and APIs change, ensuring consistent, reliable access to data. Fivetran improves the
accuracy of data-driven decisions by continuously synchronizing data from source applications to any
destination, allowing analysts to work with the freshest possible data. To accelerate analytics, Fivetran
enables in-warehouse transformations and delivers source-specific analytics templates. With more than
1,000 customers, Fivetran is headquartered in Oakland, California, with offices around the globe. For
more information, visit www.fivetran.com.
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As a contributing Analyst at GigaOm, Jake Dolezal has two
decades of experience in the Information Management field
with expertise in analytics, data warehousing, master data
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10. About GigaOm

GigaOm provides technical, operational, and business advice for IT’s strategic digital enterprise and
business initiatives. Enterprise business leaders, CIOs, and technology organizations partner with
GigaOm for practical, actionable, strategic, and visionary advice for modernizing and transforming their
business. GigaOm’s advice empowers enterprises to successfully compete in an increasingly
complicated business atmosphere that requires a solid understanding of constantly changing customer
demands.

GigaOm works directly with enterprises both inside and outside of the IT organization to apply proven
research and methodologies designed to avoid pitfalls and roadblocks while balancing risk and
innovation. Research methodologies include but are not limited to adoption and benchmarking
surveys, use cases, interviews, ROI/TCO, market landscapes, strategic trends, and technical
benchmarks. Our analysts possess 20+ years of experience advising a spectrum of clients from early
adopters to mainstream enterprises.

GigaOm’s perspective is that of the unbiased enterprise practitioner. Through this perspective, GigaOm
connects with engaged and loyal subscribers on a deep and meaningful level.
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